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Measuring 3D Optic Nerve Head Deformations using Digital Volume Correlation of in vivo
Optical Coherence Tomography Data
Ziyi Zhu, M.S.

University of Pittsburgh, 2020

The optic nerve head (ONH), located in the back of the eye, is a critical site in
understanding thegthophysiology of glaucoma. However, longitudinal changes of the ONH as
disease develops have not been well characterized. Our goal was to develop an improved tool to
guantify these changes in an in vivo monkey model of glaucoma.

Longitudinal spectratioman optical coherence tomography (OCT) imaging of the ONH
was performed every other week under manometric intraocular pressure (IOP) control (10 mmHg)
in a monkey during baseline and after induction of unilateral experimental glaucoma. We
developed a compattional pipeline that applied digital volume correlation (DVC) to measure the
3D ONH deformations. The chronic changes, akin to stretch, compression and shear strain were
computed from OCT scans acquired in vivo at multiple stages of experimental glaGzcstoen
programs were developed to verify the robustness of the DVC algorithm and calculate a confidence
map. Two regions of the ONH were segmented to focus the DVC analysis: the lamina cribrosa
(LC), which plays an important role in glaucoma, and a regidhe peripapillary retina, which is
expected to thin through glaucoma progression.

We successfully developed a set of programs to calculate chronic tissue changes from OCT
scans. We use classic DVC terminology and refer to them as displacementsiasd-diaever,
this is not exactly the case because these aretémngchanges that could include deformation,

and other changes such as shrinkage, growth and remodeling. The verification results of the
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displacement map demonstrated high robustness &\lealgorithm. The computed strain map
suggested that chronic elevated IOP and glaucoma progression caused deformations of the ONH.
The maximum chronic stretch, compression, and shear strains did not always colocalize. The LC
tended to be more sensitivedmronic IOP elevation compared to the peripheral retinal nerve fiber
layer. The ONH deformations did not necessarily follow the trend of chronic IOP elevation in
glaucoma.

To the best of our knowledge, this is the first study to analyze the longitudohai &ivo
ONH deformations in glaucoma. Results from this study can help clarify the pathophysiology of

glaucoma.
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1.0 Introduction

Glaucoma is onef the leading causes of blindness worldwide. It poses the risk of vision
loss and even blindness on over 80 million people world{itld Quigley & Broman, 2006)
Our lab focuses on the biomechanics of the posterior eye and aims to understand the causes of
glaucoma from a mechanical perspective. Specifically, in this project, we developed a
conmputational toolbox that employs digital volume correlation (DVC) to study chronic intraocular
pressure (IORnduced 3D displacements and deformations of the optic nerve head (ONH). The
software was used to analyze optical coherence tomography (OCT) iwfagesmkey ONH

during various time points of experimental glaucoma.

1.1 Structure of the Eye

The eye is composed of compliant tissues which naturally have the ability to deform
(Campbell et a).2014) The eye has an internal pressure necessary to function properly and to
maintain its shape. This pressure is called IOP. The pressure is produced by a liquid inside the eye
called the aqueous humor. IOP is controlled primarily by the trabemé@sinwork located at the
anterior part of the ey&ampbell et al., 2014put the mechanism is complex and not completely
understood.

Light comes into the eye, passing through the coanelsthe lens at the anterior eye, and
forms a focused image at the posterior eye. The photons are captured by the photoreceptors in the

retina and, ultimately, the visual information is sent to brain by retinal ganglion cell (RGC) axons.



The visual information is transmitted by RGC axons which exit the eye through the optic disk, a
smal | Afopeningo at the posterior eye also kno
(Sigal et al., 2012)

The ONH is one of the critical structures in the eye because all the axons must pass through
it to exit the eye. Taking a closer look at the ONH, the raostrioropening through which the
axons pass is often referred to as the Brucho:
in this opening is a structure called the lamina cribrosa (LC). The LC is alikesiructure
formed by collagen beams. The cobagbeams in the LC are believed to provide mechanical
support for the RGC axons that pass through it as well as to maintain the pressure near the opening

of the eygJonas et al., 1992)

1.2 Glaucoma

Glaucoma is disease characterized by gradual but permanent vision loss starting from the
periphery of the visual field. The vision loss is due to the death of the RGC axons in the ONH,
through which the eye transmits the visual information to the brain. Howeveattuppysiology
of glaucoma remains unclear. The main risk factor for glaucoma is the elevated IOP, often caused
by blockage of the trabecular meshwork and consequently compromised drainage of the aqueous
humor. However, even though a high I0P will caussugbma, people have vastly different
susceptibility to the elevated IOP. Some people with high IOP do not develop glaucoma while
some develop glaucoma despite having normal (&mmer et al., 1991he mechanisms by
which a mechanical entity, namely the elevated IOP, leads to the balleffect of neural tissue

damage remains poorly understood. Moreover, it is still unclear why people exhibit such a variable
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sensitivity to IOP. A leading hypothesis of this for the cause of glaucoma states that the elevated
IOP exerts excessive pressarethe ONH, specifically the LC, causing it to distort. The stretching
and shearing of the collagen beams in the LC further result in mechanical insult to the axons within,
contributing to their damage and death, and thus to glau@®uangoyne et al., 2005; Campbell et

al., 2014; Harry A. Quigley et al., 1983)

Besides the acute deformations in response B Dronic elevated IOP can cause the
remodeling of the LGCrawford Downs et al., 2011Yhe remodeling of the LC progresses as
glaucoma develops. This remodeling process changes the mechanical properties and the
morphometry of the LC. These changes are also likely to play a role in the pathophysiology of
glaucoma.

As glaucoma progresses, the thickness of the retinal nerve fiber layer (RNFL) decreases.
The shrinkage of the nerve fiber layer indicates the loss of RGC axons and is correlated to visual
field damaggFortune et al., 2016)The loss of the nerve fibers can be clearly observed in OCT
images and is also used by clinicians to evaluate the severity of glaucoma. Research is going on to
develop and employ new techniques to extract information from OCTesnagd understand

glaucoma.

1.3 Digital Volume Correlation in the Study of Glaucoma

Digital volume correlation (DVC) is a technique that tracks the voxel displacements
between a reference image volume and a deformed image volume, and computes a
displacement/sain map between the two volumes. Several groups have applied this technique to

understand the biomechanics of the eye, as summarized below.
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Sigal et al. combined digital image correlation (DIC), the 2D counterpart of DVC, with
second harmonigenerated (8G) imaging to quantify displacements and deformations of human
ONH induced by acute IOP elevations. The study successfully obtained measurements of
remarkable resolution that were robust to speckle noise. Results suggested that acute 0P
elevations can ase substantial #plane stretch and compression in the LC. Such deformations
did not colocalize and can be highly concentrated in small re¢@gal, Grimm, et al., 2014)

Pyne et al. developed a sequential 3D DICrapgh to quantify pressuieduced
deformations in the human posterior sclera. The approach enhanced tdepatlinresolution of
standard DIC while maintaining-plane sensitivity and is robust to the complex geometries of the
ONH. The methodology offe a relatively inexpensive way to gain new insights on the ONH
biomechanics and neural tissue |(Bgne et al., 2014)

Tamimi et al. further applied the sequential DIC technique to study the racioethnic
differences in human posterior paleformations. The 3D presstraluced deformations in the
optic nerve stump (ONS), the peripapillary (PP) sclera andPRosclera were measured. The
study quantified human ONS deformatiossd measured strains for all zones and regions of
donors of Hispaic ethnicity. The result provided evidence that increased glaucoma prevalence in
African descent and Hispanic ethnicity may have different mechanisms, and that the material
properties and geometry of the ONS could be a crucial factor to consider iralyssaaf scleral
mechanicgTamimi et al., 2017)

A study by Behkam et al. further advanced our understanding of ethnic differences in
glaucona by applying DVC to SHG imaging data. The authors performed pressure inflation tests

on human LCs and found that eyes from donors of European Descent had significantly higher peak



shear strain in the superior quadrant of the LC compared to those oihAfasaent and Hispanic
ethnicity (Behkam et al., 2019)

Girard et al. developed a 3D tracking algorithm based on DVC to extract the displacement
maps between OCT images of the reference and deformed states of the ONH. The developed
algorithm was tested on artificial test cases where known displacement waed amplithe
reference image volum@lichael J.A. Girard et al., 2013Based on the 3D displacement maps
calculated by DVC, Zhang et al. proposed a virtual fields method to further extract the tissue
mechanical properties in vi@hang et al., 2017)

Feola et al. applied DVC techniques to understand the mechanical effects of cerebrospinal
fluid pressure (CSFP) on the LC and the ONH-viwo images of the posterior porcine eye were
acquired using phasmntrast micrecomputed tomogphy. CSFHRnduced tissue deformations
were quantified using DVC. They found a huge impact of CSFP on the strain distributions in the
LC and the ONHFeola et al., 2017)

Midgett et al. applied DVC to study the pressim@uced response of human LC. The study
used SHG imagimto obtain images of the LC from human donors of various ages under multiple
pressures. The strains in different regions of the LC were quantified using DVC. Results suggested
that the susceptibility to glaucomatous damage was linked toetajed and sticturerelated
variations of LC strainfMidgett et al., 2017)In a more recent study by Midgett et al., DVC was
applied to OCT images of human patients to understand the acuiad@fd regonse of the
ONH. The authors found evidence suggesting that elevated IOP caused the anterior lamina depth
to be shallower and the anterior lamina cribrosa biomechanical envirotoneatitered(Midgett

et al., 2019)



1.4 SpecificAims

In this project, we applied DVC techniques to study the in vivo changes of the ONH along
the development of experimental glanta. The data we used is part of a larger data set acquired
in the study by Fortune et @Fortune et al., 2016}t is a longitudinal study on the development
of experimental glaucoma where OCT scavere acquired at various time points of glaucoma
progression. To the best of our knowledge, this is the first study to analyze the longitudinal and in
vivo ONH deformations in the level of detail afforded by DVC. We developed a computational
pipeline tha allowed us to extract valuable information to understand the pathophysiology of
glaucoma. Note that the displacements or deformations measured by DVC are chronic changes
through the development of the disease, including not only thén@Red deformatins, but also
morphological changes such as the shrinkage of the RNFL and the remodeling of the LC.

There are two specific aims of this project:

1. Develop a computational pipeline to quantitatively measure the 3D ONH deformations
2. Evaluate the spatial and tporal trends of ONH deformations in one set of scans for one

eye through the development of experimental glaucoma



2.0 Methods

2.1 Experimental Procedure

The experimental procedure and image acquisition were performed by the Fortune
laboratory at the Devers eyefitgte in Portland Oregon. The data used in this study was a subset
of the larger experiment described in more detail elsewRertune etal., 2016) For t he r ea
convenience, the relevant temtthe method section of is reproduced be(fortune et al., 2016)

AAL I procedures were performed in strict
Guide for the Care and Use of Laboratory Aaimof the National Institutes of Health (NIH;
Bethesda, MD, USA) and were approved and monitored by the Institutional Animal Care and Use
Committee at Legacy Health (USDA licenseRD002 and OLAW assurance A3284). All
experimental methods and anincate procedures also adhered to the Association for Research in
Vision and Ophthalmology's Statement for the Use of Animals in Ophthalmic and Vision
Research. o

AThe data used in this project(Fdartsnegia.rt of
2016) Briefly, this project studied a series of OCT images obtained fronepmef a female
monkey at the age of 7along the development of experimental glaucoma, induced by applying
laserphotocoagulation on the trabecular meshwork. Longitudinal spefdnahin OCT (SDOCT)
imaging of the ONH and peripapillary RNFL was performed every other week under manometric
IOP control (10 mmHg) in a monkey during baseline and after induction of wailaig@erimental

gl aucoma. o



AThe ani mal had five weekly baseline SDOC
below. Argon laser photocoagulation was applied to the trabecular meshwork of one eye of each
animal to induce chronic elevation of IOP. Initialh80° of the trabecular meshwork was treated
in one session, then the remaining 180° was treated in a second session approximately 2 weeks
later. If necessary, laser treatments were repeated in subsequent weeks (limited to a 90° sector)
until an IOP elevabn was first noted or if the initial pefser IOP had returned to normal levels.

A total of three laser treatments was applied. After initiation of laser photocoagulation, SDOCT
imaging was repeated approximately every 2 weeks until euthanasia. Teektgucoma at
euthanasia was predetermined for the animal based on the primary study to which it was assigned.
Because there were four such primary studies with differing targets for postmortem
histopathology, the combined cohort provided a relativalewange of damage for the cross
sectional analysis of this study. o

AAL I experiment al procedures began with 1in
(10-25 mg/kg intramuscularly [IM]) in combination with either xylazine (@.B mg/kg IM) or
midazohm (0.2 mg/kg IM), along with a single injection of atropine sulfate (0.05 mg/kg IM). The
animal then was intubated with an endotracheal tube to breathe a mixture of 100% oxygen, air and
1-2% isoflurane gas to maintain anesthesia to effect and oxyhemogatiration as close to
100% as possible. Intravenous fluids (lactated Ringer's solutior20 1L/kg/h) were
administered via the saphenous vein. Vital signs were monitored throughout and recorded every
10 to 15 minutes, including heart rate, blood pressarterial oxyhemoglobin saturation, eidal
CO2, and body temperature. Body temperature was maintained at 37°C, heart rate above 75 beats

per minut e, and oxygen saturation above 95%. 0



Al OP was measured in an eyeTompen XLhReichert ar t o
Technologies, Inc., Depew, NY, USA). The value recorded for the eye was the average of three

successive measurements. o0

2.2 Data Preparation

2.2.1Image Acquisition

As described above in section 2.1, the experimental image acquisition was pdrfyrm
our collaborators at the Devers eye institute. The details of the acquisition and other steps before
analysis in this work are described elsewl{Emtune etal., 2016) For t he nrecader s 6
the relevant text in the method section of this study is reproduced {dedotune et al., 2016)

AAL I SDOCT scans were acquired using a Spe
GmbH, Heidelberg, Germany) 30 minutes after IOP was manometrically stabilized to 10 mmHg.
This is important to minimize elastic components of deformation that are known to exert a greater
effect on the ONH than on peripapillary RNFL thickn@ssrtune et al., 2009; Strouthidis et al.,
2011a) A clear, rigid gas permeable contact lens filled with 0.5% carboxyieetlulose solution
was placed over the apex of each cornea. SDOCT scans recorded at each session included an 80
radial B-scan pattern centered on the ONH (30° wide, 1538a@ns/Bscan, Figure 2.1). Nine to
16 individual sweeps were averaged in reakttmform each Bcan. At the first baseline imaging
session, SDOCT scans were centered manually on the ONH by the operator. AHujplsmans
were acquired at the same location as baseline using the instrument's automatic active eye tracking

sof tware. o0



Baseline horizontal radial B-scan Final time point horizontal radial B-scan
= - \
N S

4 \\\/\

Baseline vertical radial B-scan Final time point vertical radial B-scan

T~ mv\x//—/

Figure 1. i EXx a mp |-domanpOELT scansa of the ONH and peripapillary retinal nerve fiber layer.The
left column shows baseline data, the right column shows final followp data. (A) B-scan through the horizontal
meridian of the ONH. The inset shows the Bcan location indicated by the bold green line overlaid onto the
infrared confocal scanning laser ophthalmoscopy (CSLO) reflectance image. Structures delineated in each
radial B-scan include the inner limiting membrane (ILM, yellow) and Bruch's membrane opening (BMO)
points (red). The green segments connected BMO points to the ILNB) B-scan through the vertical meridian

of 't he ON EHndodaptien rgprodueedfrom (Fortune et al., 2016)

2.2.2Image Rescaling

The raw image from OCT is not isotropic, meaning\tbgel to micron ratio is not the
same in each direction. This implies that the axes of the image are not in the sar(t&galodd
al., 2016) Since all the distances in the DVC computation are based on voxel distances, it is
essential to make sure thedges are isotropic for the program to compute deformation and strain
correctly.

All images were rescaled based on the parameter settings in the OCT machine during the
image acquisition. The scale in each scan direction was recorded when the image wed obta

during the experiment. The z axis was aligned with the anteosterior, or depth, direction, with
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the x and y axes perpendicular in the ndsalporal and superianferior directions, respectively.

The scale in the z direction is determined by ligbt wavelength and is generally considered
constant over the scanning window. However, the scales in the x and y directions often varied
between scans. For example, in the first scanyorel represents 5.04, 13.39 and 3.87 microns

in the X, y and zidections, respectively, whereas in the second scavkelrepresents 4.93, 13.08

and 3.87 microns, in the same directions. The images were rescaled such that all dimensions had
the samevoxel to micron ratio as that of the x axis. The rescaling involved interpolation, which
could potentially produce artifacts. In later steps, to compensate for the effects of interpolation

during rescaling we used an increased mesh density.

2.2.3Image Registration

To improve the efficiency of displacement calculation (Section 2.3), we aligned the
reference and deformed image volumes to minimize rigid body motion and rotation. Image
registration could improve the runtime and reliability of the DVC algorithm. A cugt@gram
was developed to remove the rigid body motion samomatically by performing reversible

linear transformations described by the following equation:
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The goal of the program is to calculate the rigid body displacement and rdiatiween the
reference and deformed image volumes, and then apply the transformations to remove them. The
software features an interactive window to help achieve the goal (Figure 2). The registration
program allows the user to use a combination of a fastiéfaransform (FFTFpased algorithm

and manual adjustment to register the two image volumes. The graphical user interface (GUI)

allows the user to check the quality of image registration.
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Before Registration After Registration

Figure 2. Screenshots of thalisplay of the registration program before (Left) and after (Right) registration.
The input image volumes were downsized for faster processing time. The three windows in the GUI together
provide an orthogonal view of the image volumes. The user is able tavigate across the image volume by
moving the crosshair from each of the three windows. The display windows will show the image slices that

correspond to the position of the crosshair.
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The reference (shown in red) and deformed (shown in green) woAgees were overlaid
in the display window. The overlapping regions between the two image volumes were then
appeared yellow. The display window shows in real time the translations and rotations applied to
the images during the registration process. Th @ovides a way for visually inspecting the
guality of registration and confirming that the alignment is good.

The automatic registration uses a Hbased technique to apply translations, or rotations,
to register the image volumé@eddy & Chatterji, 1996)The phase correlation is given by the

equation:

(2-2)

O
?( ?(
o| G
?( ?<

where'O and™O are the Fourier transform of the reference and deformed if@gethe complex
conjugate ofO; . is the inverse Fourier transform. The translation between the reference and
deformed image was computed by locating the maximum of the phase conceRdtation was
calculated in a similar way, but the phase correlation was computed on the polar representation of
the images.

The manual part of the registration allows the user to move or rotate the input image
volumes from each of the three orthogomahdows to align them. This is done before the
automatic registration to roughly align the input image volumes to enable better performance for
the FFFbased automatic registration. The automatic registration algorithm starts from the manual
registration hen refines it. A crucial point to make here is that the automatic registration

optimization window was large enough to allow for variations in the manual registration. Thus,
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the results of the properly converged automatic registration are independeatlofagiations in

the manual step. The manual registration was also useful when the differences between the
reference and deformed image volumes were very large. Nevertheless, it is possible that in some
cases the full registration may depend on the mamggstration. Future work should quantify

such effects. When desirable alignment is achieved, the program will scale the translation
calculated on the downsized image volumes and apply it on the original image volume. The

registered image volumes wilién be saved for later steps.

2.3 Digital Volume Correlation (DVC)

To calculate the tissue deformation, a technique called digital volume correlation (DVC)
was employed. DVC is a technique based on etos®lation, which measures similarity between
data, and is widely used in image registration and traciBiag et al., 1999; Chu et al., 1985
Michael J.A. Girard et al., 201L3Briefly, two image volumes are provided, i.e., one as a reference
state and the other as a deformed state. DVC finds where a voxel in the reference volume ends up
in the deformed one after deformation. This is dopevmluating which region in the deformed
volume has the highest similarity with the neighbor area of the voxel we are analyzing in the
reference volume. Finding such voxel pairs essentially establishes a displacement map on the
reference image volume iraditing how much each sampled voxel has moved after the
deformation. Note that what is being measured are not displacements or strains per se, but are
chronic changes through the development of experimental glaucoma, such as-thdukeg

deformations, tl shrinkage of the RNFL, and the remodeling of the LC.
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2.3.1Sampling andMeshing

We performed random sampling and then generated meshes on the image volumes for the
displacement and strain calculations. The image volumes were first passed through a median filte
of size 5x5x5voxels and a gaussian filter with sigma value of Y@kels for smoothing. The
smoothing parameters were chosen empirically. The potential effects of the parameter choice on
the results should be carefully quantified in future work. Theoshaal image was then segmented
using binary thresholding. A very low threshold was used to exclude dark background with almost
no signal. A morphological opening algorithm, which fills holes and joins discontinuities, was
applied to the binary image to imgve the segmentation of the ONH. An exact Euclidean distance
transform was computed on the binary image using the SciPy library in Rithorber Walt et
al., 2014; Virtanenetal.,2020) Di st ance transformation comput €
to the closest boundary and produces a greyscale image wheeduibat eaclvoxel represents
such shortest distan¢8aito & Toriwaki, 1994)

We peformed Poissomlisk sampling based on the segmented binary image and the
distancetransformed matrix. It is a frequently used sampling technique in computer graphics
because of the extremely desirable blue noise characteristics of its sampling dist(Dutibar
& Greg, 2004) Poissordisk sampling produces a set of randomly sampled points that arg tightl
packed but are not forming clusters. This sampling method attempts to sample points as close as
possible while maintaining a constraint that requires the sampled points to be at least a minimum
distance apart from its neighbors. The Poisdisk samplingwas implemented based on the
technique proposed in the study by Dunbar and @agbar & Greg, 2004)'he paper introduced

an algorithm to implement Poissdisk sampling with O(n) time complexity.
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From the sampled points, the program creates a mesh of tetrahedron elements on the 3D
image volume. Correlation and displacement were then computed basedampted points and

mesh to reduce computational complexity.

2.3.2DisplacementCalculation

An original version of the code for the DVC algorithm was developed by Junchao Wei,
and was reported elsewhdWei et al., 2018)For clarity, we summarize the most relevant steps
and equations below. For the work described elsewhere in this thesis the code had to be revised
and adapted to improve speed and edficy, to allow output of the outputs of interest, and to
simplify batch processing.

With the registered images, the correlation and displacement of the wexelsomputed
by DVC. The DVC technique measures the similarity between subsets of the refmdnte

deformed image using zermrmalized crossorrelation (ZNCC)Lewis, 1995)
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At each sampling point, a 3D search window centered at the reference sample point was
constructed. The area inside this search window served as a template, which wadinddte
bestmatch point in the deformed image volume. The -bestich point in the deformed image
volume was computed within the search window using template matching. The template matching
algorithm finds a suiimage in the deformed image that is msistilar to the template, which
implies the center of this stimage should most likely be mapped to the center of the template.
The similarity was measured by the ZNCC between theémmalje and the reference template. The
ZNCC represents the similarity tieeen the center voxel in the sirbage and that in the reference
template.

The template matching algorithm produces a correlation matrix that has the same size with
the search window. Each entry of the correlation matrix is the calculated ZNCC value, ranging
from -1 to 1, where 1 indicates a perfect match. Thus, the locatiorewtherpeak correlation
occurs in this correlation matrix is the besatch point that the reference voxel mapped to. Once

we found where the reference point was mapped to in the deformed image, the displacement vector
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at the reference point can be eashyained by vector subtraction. Beside the displacement vectors,
the maximum and mean values of the correlation matrix were also saved. These two values can
give an idea of whether the mapped point in the deformed image really stands out from its
neighborgn terms of similarity.

To summarize, for every sampled point on the reference image, the program computes and
saves the following data: the maximum and mean values of the correlation matrix, and the
displacement vector that maps the point on the refergnage to its optimal matching point in

the deformed image.

2.3.3Strain Calculation

This part of the software computes the strain tensors at each sampling point based on the
displacement map obtained in the previous sigg outputs $parameters including th&retch,
compressionshear and effective strain&s reported in section 2.3.2, the DVC code used in this
section was originally developed by Junchao Wetomprehensive discussiam the original
codecan be foundn this study(Wei et al., 2018)Adaptations andmprovementsvere madeo
satisfy demands specific to this thesis, includiagtomation for batch processingetter
visualizationand compatibility with code for later analysisiere we summarize thegopropriate
discussiorandreproducehe key equationpresented irthe original studyfor clarity (Wei et al.,

2018)
The displacement map in the previous step can be expressed as a material transformation

function in the form of:
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Using asecondorder interpolation methodye full-field deformation gradient wasilculatedrom
the displacement field at the matched po(i¥&i et al.,2018) The Lagrangian strain tensor (E)

wasgiven by the equation
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From the strain tensor, the stretcbmpression, shear strain and the effective strain are calculated.
The stretch and compression correspond to the first and third principal strains respeitively

shear and effective strawere given by the following equations:
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Themaximumshear straiis useful tounderstandhe tearing and bending deformation, while t
effective strainis a useful way taharacterizen a single scalar all the components of strain
(Michael J.A. Girard et al., 2013; Wei et al., 2018fter the strain calculation, the results were

then mapped from the sampled points to each voxel via linear interpolation, and the strain values

were visualized by creating a colormap on the 3D structural image.
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2.4 Verification of the DVC Algorithm

2.4.1Robustness oDisplacementCalculation

The software providea visual verification of the displacement map by attempting to
restore the reference image from the deformed image based on the displacement map. The function
maps the deformed image back to the reference state by using a spline interpolation to find the
value at the mapped coordinate in the deformed image. The output is a matrix R with the same

size as the reference image such that:

Yot Od 6Rd ORr 0 2-7)

where X, y and z are integemordinates and u, v and w are the components of displacement vector

in the x, y and z direction. D is a spline interpolation function on the deformed image.
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2.4.2ConfidenceEvaluation

The goal of this step is to make sure we only include results thatialde@h the analysis.
The DVC program will map each point in the reference image to a point in the deformed image
with the highest cross correlation result. However, not every point in the mapping has the same
confidence. We developed a measure of confideat each point to evaluate how much we can
trust the result and weight them before the analysis. At each pdiiftx , the confidence function

was defined by:

0 pZ“Y"chm""j O ¢ b hy' 2.8
P

where0 ando are the maximum and mean correlation of a-isudge, both range froml to
1FQafuin is thevoxel value at aftdtx in the reference imag® o S i is thevoxel value

at the correspondingpxelin the deformed imagéYis a sigmoid function that ranges from 0 to 1.

The first term of the product accounts for how confident we are about the mapping at a given point
relative to other candidate points. The valudgh lwhen the peak correlation stands out from the
correlation of its neighbors. The second term accounts for the quality of image at a specific point.
The rational is that even if the DVC algorithm deemed the mapping as accuratexehealue

itself maynot be reliable in the first plac®CT signal penetration and how deep into the ONH it

is still possible to discern structures reliably is an important conside(diohédel J.A. Girard et

al., 2015; Sigal, Wang, et al., 201#)oise, scattering, absorption, particularly by blood, and other

effects decrease this depth. This is im@ot as it may preclude reliable analysis of the LC.
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Interestingly, in humans, it has been shown that LC visualization is better in eyes with glaucoma
than in healthy eyggucy et al., 2017)This is thought to be primarily dbe decreased prelaminar
neural tissue thickness. Bvaluate the signal penetration in our scans we assessed the visibility
of LC trabecular structure in coronal cross sections of the stack. We were able to see consistently
this structure up to 200m intothe LC. In some scans visibility was deeper, but a fair comparison
requires us to limit the analysis to the same region. According to histomorphometric studies of
monkey LC(Yang et al., 2007200um should be enough to visualize the entire LC thickness in
a majority of animals, and is thus sufficiéot thepurpose of this study althoughs possible that
we missed some deeppart of the LC.Neverthelesstherestill are regions mainly in the
peripheral canal and behind vasculature wibr signapenetratiordue to shadows casted by the
blood vesselsVoxels in these regiondo not provide much information regardlesstoéir
correlatiors. So, in addition to evaluating the correlation rxatwve normalized the confidence at
a voxel with its intensity value. Such normalization was reflected by the second term of the
product, which is the intensity value of that voxel mapped to 0 and 1 with a sigmoid function. The
result from the DVC computian is not perfect. However, the measure of confidence allows us to
still make valid analysis by excluding the da
The strain data were weighted based on the confidence score. Specifically, the confidence
was first normalized by th&7.5 percentile, which eliminates the effects of potential outliers caused
by division, resulting in a confidence metric that range from 0 to 1. A weighted histogram was
constructed based on the confidence metric. The weighting was applied in a wayethatdimg
a value to a bin, instead of incrementing the count by one, the count was incremented by the value

of the confidence.

24



One side effect of this weighting method is that the strain data was essentially discretized
where the number of levels is thember of bins. As the strain typically ranges from 0 to 0.15, a
bin count of 2000 was used to sufficiently preserves the precision. The weighted strain data was
then reconstructed from the histogram using thepoidts of the edges and the bin count. F§na
the weighted strain data was visualized using both box plots and ridge plots to illustrate both the

descriptive statistics and the actual distribution.

2.5Regions ofl nterest

Having obtained the 3D strain data for the OCT volumes, the next stepnalyze these
data to gain insights on the process of experimental glaucoma. It is more interesting to look at the
deformation distribution by structure. To only include certain regions of the image in the analysis,
markings were performed to create mdskstructures of interest. For the purpose of this project,
masks for two regions were obtained: The lamina cribrosa (LC) and the peripheral retina nerve

fiber layer (RNFL).

2.5.1Lamina Cribrosa (LC)

The LC was marked using FIRueden et al., 2017; Schindelin et 2D12) The lamina
region was manually marked onrdBans in each reference image volume that was processed by
the DVC algorithm. This eliminates the need for additional processing and translation before
applying on the strain data. The binary maskshef region selections were then combined to

construct a 3D binary mask that indicates the lamina region in the 3D OCT image volume.
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2.5.2Peripheral Retinal Nerve Fiber Layer (RNFL)

Peripheral RNFL was computed from the inner limiting membrane (ILM), the néxee fi
layer (NFL) delineation and the BMO best fit plane (Figure 3). RNFLV was presented in the study
by Nicholas et a{Strouthidis et al., 2011bPBriefly, the BMO, ILM and NFL were delineated in
the previous studgFortune et al., 2016 progran was developed to read the custom formatted
delineation files. The delineation consists of the coordinates of the marked structures. These
coordinates were transformed to match the output image after the DVC computation. For example,
the x, y and z coordates in the raw delineation data werscaled to match those of the isotropic
image, and the translations and rotations were applied to match the registration performed by the
DVC algorithm.

The ILM and NFL surface were reconstructed from tihalineation using linear
interpolation. The BMO best fit plane, as well as its normal vector were computed from the BMO
marking using principle component analysis. A binary mask was then constructed based on these

criteria and applied to the data volumeselect the points that are in the peripheral RNFL.
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Figure 3. Orthogonal view of the peripheral RNFL segmentation (purple)The segmentation is shown on an
inverted OCT image for better visualization of the structure. Top: The two red dots represent the ends of the
Bruchds membrane opening (BMO). The -fitplane Thd pesphezatl | i n e
RNFL is defined as the area in between the ILM and NFL and in between 1200 and 1500 um from the normal
vector of the BMO plane at the center of the canal. Bottom right: The missing part of the purple ring is

because the peripheral RNFL extends to the anterior and does not fall in this horizontal section.
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2.6 Acknowledgement ofContribution

This thesisvas done witm the overall envelope of a collaboration between the Sigal lab
(the Laboratory of Ocular Biomechanics at the University of Pittsburgh) and the Fortune lab (a
the Devers eye institutejhe contributions to this projeatere as describetdelow.

The expermnental procedurand image acquisitiomwere performed at the Devers eye
institute by the Fortune laflhis thesisuseda subset of thdatafrom the Fortune lafFortune et
al., 2016)

Thecomputational pipeline was fully custedeveloped but leemade heavy use of open
source libraries such as Scifdirtanen et al., 202@nd Scikitimage(Van Der Walt et al., 2014)
The software development wasdlaborativeeffort of Junchao Wei and Ziyi Zhu, both affiliated
to the Laboratory ofOcular Biomechaics, University of PittsburghThe DVC algorithm was
developednitially by Junchao Wei. Specifically, developments made by Junchao Wei include
code for image rescaling, image registration, the DVC algorithm and the strain calculation.
Developments madeylZiyi Zhu include a wrapper program that automatically applies DVC to
perform displacements and strain calculations on a batch of images, improvements to the
visualization program that illustrates 3D results calculated by DVC, ansulole of the DVC
algarithm that calculates the confidence described in section 2.4.2, code that pr@idunasks
of the RNFL from delineations of the ONH structures, code that pre@izenasks of the LC
from manual markings and the corresponding marking protocol, codepihlegs88D masks to
segment results by regions and structures, code that applies confidence weighting andsvisualize
the weighted distributions.

The processing of the data and the analysis of the results were performed by Ziyi Zhu.

Specifically, this includs designing the analysis, testing theecadd troubleshooting any
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unwanted behaviors, performing the procedures described from section 2.2.2 to 2.5.2 and creating

appropriate visualizations of the results.
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3.0Results

3.1Intraocular Pressure (IOP)History

Three laser photocoagulation sessions were done to the monkey eye at different dates. We
obtained 3D deformation maps for a series of 17 OCT scans (16 pairs) during the course of

experimental glaucoma development. IOP was measured prior to each OCT scan4)-igu

45 Image acquisition date vs IOP prior to procedure

40

35+ 1%t Laser 2" Laser 3 Laser
Day=0 Day=22

0 I 1 I ; L * [ I * | 1 I
-98 -70 -56 -35 -18 16 3542 58 71 84 108 121 135 149 163175
Date from first laser

Figure 4. 0P history. Shown are the scan dates and the mean IOP on that day. Remember that this is the
pressure measured before the image acquisition and reflects the effect of experimental glaucoma on IOP. IOP
during the imaging session was always brought down to 10 mmHg. Tlleformations were measured in a
step-wise manner, i.e., the deformation in a given date is the analysis between that date and the previous one.
In later discussions, we will refer to the strain as the date of the later scan in each pair, day 16 refershe

deformation between scans on dayl8 and day 16, etc.
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3.2DVC Algorithm Verification

The displacement map computed by our DVC algorithm was promising. Example
verification results are shown in Figure 5. The original and the restored reference images were
shown in red and green, respectively, resulting in the overlaid region appearing yellow. This
method provides a visual verification of the displacement map. Our verification results show good
gualities of the displacement mapping, as suggested by tleeflacgon of the yellow region. For

the verification results of other scans, we refer the reader to the appendix of the thesis.
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Before Registration ~ After Registration

Figure 5. Demonstration of the robustness of our DVC algorithmLeft: Reference overlaid with the deformed
image (red: reference, green: deformed, yellow: match). Right: Reference overlaid with the restored image
from the deformed image. (red: reference, green: restored, yellow: match) Basically, either red or green
means that the images are diffrent or that tissues do not overlap. If the images were identical and the

registration was perfect, all pixels would be yellow. Axes are labeled in pixels.
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3.3 Strain Computation and Analysis

Figure 6 shows the stretch, compression and shearwithin the ONH at a subset of five
example dates. Through the course of the glaucoma development, the tissue response was more
prominent (i.e., larger strains) in scans immediately after the laser treatment (Days 16 and 108)
and stabilized afterwards. Largompression was observed in Day 108, which is the scan after the
third laser treatment. The maximum stretch, compression, and shear strain did not always
colocalize. For the strain maps at other time points, we refer the reader to the appendix of the

thesis.
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Figure 6. Stretch, compression and shear strain within the ONH at a subset of five example datBaws
represent the type of strain, and columns represent the time point of the scan. A plot in a given date is the
analysis between that date and the previous one. Laser surgery was performed on Days 0, 22 and 92, and is
marked in red. Larger strains were observed in scans immediately after the laser treatment (Days 16 and
108) and stabilized afterwards. The maximum stretchcompression, and shear strain did not always

colocalize.
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We then further quantified the detailed strain distribution in two regions of interest: 1)
lamina cribrosa, and 2) peripheral RNFL. The results are shown in Figure 7. Note that the strains
wereweighted based on the confidence level, with the methods described in Section 2.4.2.

Lamina cribrosa The stretch, compression and shear strain generally followed the same
trend as the effective strain, but with several notable differences. For exanipdg;18, the 50th
percentile stretch was similar to that in Day8,-56, and-35; however, the 95th percentile stretch
was much larger. In Days 16 and 149, the compression was considerably lower than the other
strains. In Day 84, the stretch was muatgér than the compression and shear straigeteral,
the strain in the LC spikes after the laser treatment and gradually settles down in the subsequent
scans. The effective strain shows that in the LC region, large deformation happened in Days 16
and D8, which agrees with the date of the first and third laser treatment. However, high strain also
presented in Day< 8 and 84, prior to the first and third laser treatment.

Peripheral RNFL The strains in the peripheral RNFL also tend to be high aftdaskee
treatment and decrease afterwards. However, the peripheral RNFL did not appear to have the
identical trend as that of the LC. The strains in the peripheral RNFL are relatively insensitive to
IOP variations and fluctuate less across scans compatieat tof the LC. Besides the high strain
in Day 16, there was also a notable spike at Day 84, which was a period right before the third laser

treatment.
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Figure 7. Box plots of the strain distributions in the laminacribrosa (left column) and peripheral RNFL (right

column). Rows 14 represent the effective strain, stretch, compression and shear strain. The strain in a given
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date is the analysis between that date and the previous one. Laser surgery was performed ogd® 22 and 92,
and was marked by the red crosses. In general, the strains are higher after the laser treatment. The strain
variations in the LC are larger than those in the peripheral RNFL, suggesting that the LC deformation is more

sensitive during theprogression of experimental glaucoma.

Figure 8 shows a ridge plot of the effective strain in the LC. The ridge plot shows the
detailed distribution of the box plot, which can provide a more comprehensive visualization of the
straindistribution. In addition, the ridge plot allows us to examine whether it is appropriate to
visualize the distributions with box plot. For example, if data follows a bimodal distribution, the
box plot could be misleading. For the ridge plots of the ottrams in the LC and peripheral

RNFL, we refer the reader to the appendix of the thesis.

LC Strain

Days from laser:
R o
%)

Figure 8. Ridge plot of the effective strain in the LC.The shapes of the strain distributions vary, but are

reasonably well behavedThis suggests that the box plots of the effective strain in the LC are reasonable.
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4.0 Discussion

Our goal was to develop an improved tool that would allow quantifying the longitudinal
changes in an in vivo monkey model of experimental glaucoma. To achieveaai, we
developed a computational pipeline to quantitatively measure the 3D ONH deformations through
the development of experimental glaucoma, and obtained promising results. The chronic effective
strain, stretch, compression and shear strain were d¢ethpn the 3D OCT image volumes for
one eye. Furthermore, segmentation of the LC and the peripheral RNFL were obtained and region
specific analysis of the strains was then performed. We evaluated the spatial and temporal trends
of ONH deformations througihe development of experimental glaucoma. Note that what is being
measured are not displacements or strains per se, but are chronic changes through the development
of experimental glaucoma, such as the-i@fuced deformations, the shrinkage of the RNFid, a

the remodeling of the LC.

4.1 Robustness of theé/erification Algorithm

The qualitative verification results suggest that our program is robust to process the OCT
images and compute displacements and strains in consecutive scans. During the testing of the
sdtware, the verification algorithm is able to detect situations where the DVC program cannot
correctly compute the deformation map (Figure 9). Problems could happen when the deformation
is too large and exceeds the maximum searching area or when thkengesshadow area caused

by blood vessels. Due to this constraint, we computed the stepwise deformations, i.e., between
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each scan and its previous scan, instead of the accumulative deformations, i.e., relative to the first

scan (baseline). This allows tesachieve good verification results for all inputs.

Figure 9. Demonstration of the robustness of the verification programlLeft: Reference overlaid with the

deformed image (red: reference, green: deformed, yellow: match). Right: Reference overlaid with the
restored image from the deformed image. (red: reference, green: restored, yellow: match) The mismatch (i.e.,

large red area) represents the inaccurate displacement calculations by the DVC algorithm.

4.2 Robustness of the DVAlgorithm

It is worth noting that the comparison of the strains between the LC and peripheral RNFL
also serves as a validation of the DVC algorithm. @dih the interquartile range of the strain
distributions in the peripheral RNFL is generally larger compared to that in the LC, the differences
across the scans are relatively small, suggesting the peripheral RNFL is a relatively stable site
compare to thé.C. This agrees with our expectation from previous stu¢idouthidis et al.,
2011a) The peripheral RNFL can be considered, in some sense, a control group whictiaBust

how the strain results would look like in a region where deformations were small. Mostly the
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apparent compressions are associated with RGC axon loss. This is important because the accuracy
of our DVC algorithm will always be limited by the qualitycathe visibility of the OCT image
volumes. We employed a confidence metric to exclude data with low reliability, but it is not a
guarantee that the calculated strain distribution is accurate. For the peripheral RNFL, the strain
distributions, except in @&W scans acquired near the date of surgeries, are reasonably normal and
have similar median and interquartile range. The LC strains, on the other hand, have shown more
changes as glaucoma develops. Compared to the strains in the peripheral RNFL, weathrgue w

more confidence that the characteristics we observed are real and LC specific.

4.3 Strain Responses of the LC an®eripheral RNFL

The deformation in the LC and RNFL follows a similar trend. The strain changes started
soon after the laser treatment and sdeformation reduced gradually afterwards. Note that IOP
was brought down to a normal level prior to the image acquisition. This ensures that the
deformation we captured was the chronic response of tissue to persistent high pressure instead of
the elastiadeformation due to acute pressure changes.

Interestingly, the time period with high IOP does not necessarily correspond to the high
strain. For example, from Days 40 to 60, we observed sustained IOP elevation, but the strains in
the LC and peripheral RNRlvere relatively low and stable. It is not clear yet what is the relation
between chronic IOP elevations and mechanical deformations. However, the mismatch between
IOP elevation timing and tissue deformation provided evidence that chronic IOP elevations may
have different impact with acute IOP elevations and we need to make careful consideration when

interpreting the results.
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We noticed that high deformation happened in both LC and the peripheral RNFL on day
84,the last scan before the third lasem whichlOP was still relatively lowwWe dondt yet
full explanation to thisHowever, here we proposepatential explanatiarPrior to day 84, we
observed decreasm IOP that started on day 7after a period of high IOF here could be some
underlying physiological changes during this period that caused this IOP reduction and as well
caused the large deformations on dayl'84.retinal nerve fiber layer thickness is a biomarker of
glaucoma. Although visual impairment only happens after a deradle amount of neural axons
is lost, the axonal loss is irreversible. Due to such irreversibility, a way early detection of glaucoma
is valuable. Several studies have suggested that the LC is the site where the axonal damage in
glaucoma initiates, andt iis critical to understand the chronic changes within the LC
(Balaratnasingam et al., 2014; Yang et al., 20D@formation and remodeling of the LC were
observé in histology of glaucomatous tiss(Burgoyne et al., 2004; Yang et al., 200If) this
project, we were able to detect in vivo LC deformations along the progression of glaucoma. From
our results, we found that the inased strain in the LC happened at Day 16, following the increase
of IOP. Our results demonstrate that the LC deformation happens early in glaucoma, before the

loss of neural tissue and peripheral vision.
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5.0Conclusions

In this project, we successfully demaageéd a set of computational tools to extract 3D
chronic deformations from in vivo SDCT images and to perform analysis on specific structures
in the ONH. Analysis of displacements and strains during the development of experimental
glaucoma was performed the LC and peripheral RNFL. We observed that persistent high 10P,
resulted from glaucoma, generates strain in the ONH and such strain settles down with time. The
LC tended to be less mechanically stable under chronic IOP elevation compared to theggderiph
part of the retinal nerve fiber layer. Large deformation was observed in the LC soon after the laser
photocoagulation. Stretch, compression and shear did not necessarily increase at the same time,
nor necessarily colocalize in the 3D strain map. Furttore, strains in the ONH did not strictly
follow the trend of IOP elevations over time, confirming the distinction between acute and chronic
IOP elevations. This is the first study that applies the DVC technique to study the mechanics of
the ONH on a dasset that spans the whole process of the glaucoma development. The tools
developed in this project enable us to interpret the data and to understand the pathophysiology of

glaucoma.
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6.0 Future Work

6.1 Further Improvement of the DVCAccuracy

The accuracy of the D& program can be further improved. In the current project, limited
by the computing power and algorithm efficiency, the location of peak correlation was calculated
by the index of the largest element in the correlation matrix. When searching for theabast m
point in the deformed image based on the ZNCC, the real peak correlation does not have to, and
most likely will not, occur at a position with integer coordinates. So, a better method is to consider
it as an unconstrained ndinear optimization probla where the objective is to find the maximum
of a function whose values at integer coordinates were defined by the correlation matrix. Suitable
quasinewt onds met hod can be used to sol-vogelt he o)
accuracy in the dm@acement computation. However, this method is computationally heavy.
Potential future work includes implementing a more efficient algorithm to solve the optimization
problem, as well as to improve the efficiency of other parts of the DVC program, tatriessible
to achieve sulyoxelaccuracy in reasonable run time.

Furthermore, we have observed that the performance is not as good when applying the
DVC program to images with large deformations, i.e., cumulative deformations from baseline to
late stage@ f experi ment al gl aucoma. Due to this | ir
baselinedo, analysis was not performed in this
improvements will beincorporatedin the future. Potential ways tovercome this technical
challenge include adding displacement vectors calculated in the stepwise analysis to obtain the

cumulative displacemesfPyne et al., 2014nd improving the sampling and meshing algorithms
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as well as the searching algorithmsl&gectiarger displacements. We expect the later one to be a
better approackor our applicatiorbecausghe former method could cause error to accumulate

during theaddition of the displacement vectors and will be very computationally heavy.

6.2 Analyze More Regions in theOptic Nerve Head

In this project, the focus was to develop the tools and methods for analyzing 3D
deformations in OCT images. Two structures were setgderom the image volumes and were
analyzed. Next steps of this project are to apply the developed tools to segment more regions of
interest, e.g., the central retinal nerve fiber layer and the metinal rim area, which are also

regions of neural t®ie loss in glaucoma.

6.3 TissueResponse tAAcute IOP Elevations atDifferent Phases ofGlaucoma

In this initial study, we only analyzed the OCT scans obtained at normal IOP. The full data
set also includes scans at multiple IOPs. These scans captureud® response to increased |IOP
at different stages of experimental glaucoma. A next step of this project would be analyzing these
scans with increased pressure. By measuring the deformation of the tissues under different
pressures, we willbe abletogams i ght s on the mechanical behavi

mechanical properties change as glaucoma progresses.
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6.4 Implement the Appropriate Statistical Analysis,Control Eyes andL arger Sample Sizes

Crucial to the future application of this tool is the integration with appropriate statistical
analysis methods. The techniques will potentially be related to mixed effects models, but will
require careful attention to difficult challenges, including: ighatutocorrelation in the
measurements, sampling issues in which different tissue regions may be measured at each
condition, use of contralateral eyes as pseraidrols to characterize variability and systemic
issues such as inflammation. In this wadlthe scans before the first laser can approximate a
control. Future work should also extend the study to a much larger sample size. In this work we

focused on a single eye due to the challenges of developing the tools themselves.
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Appendix A Additionnal Figures for All Scans

Appendix A.1 DisplacementVerification

Appendix Figure 1. Displacement verification for all scans (a)
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